Control Robot Grasping With Natural Language @:L::)

SeededGrasp: Language-Guided Grasping in Complex Scenes with Multiple Embodiments
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Steps: » Train flow-matching model to generate grasps around 3D seed points. 78% Success Rate In-Real

1. Mid-air gravity & 6-axis test. : : :
» At Inference, VLM predicts seed point from user commands.

2. Heuristic feasibility checks.

3. IsaacSim collision check.
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